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Abstract

This Appendix contains additional methods details and results for Black, Hollingsworth,
Nunes, and Simon, The Effect of Health Insurance on Mortality: Power Analysis and
What Can We Learn from the Affordable Care Act Coverage Expansions?



Al. Synthetic Control Results

We sought to assess whether we could obtain a better match between treated and control states,
and thus tighter confidence bounds, using synthetic control methods. We used two approaches. In the
first, we combined the Full-Expansion States into a single treated unit and used usual synthetic control
methods (Abadie, Diamond, and Hainmueller, 2010)' to construct a synthetic match using the Non-
Expansion States as donor states. We report results in Figure A-2, and report the weights on donor states
in Table A-12.

The synthetic control approach minimizes the difference between the pre-treatment mortality
rates of the treated states and a weighted combination of the Non-Expansion States. However, the
maximum difference between the two series is still sizeable, at around 0.02 in 2007. Moreover, visually,
a large gap arises in 2013. Thus, this approach fails to create a close enough match in 2013 for this
method to produce a satisfying solution to our concern with non-parallel trends. We were not persuaded
that, for our data, the synthetic control approach is an improvement over the triple-difference design.?

We also considered an extension of the synthetic control strategy, following Xu (2017). Xu’s
“generalized synthetic control (gsynth)” method generates a separate synthetic control for each full-
expansion state, drawn from the non-expansion states. One can then conduct DD analyses on the
resulting treated and control units, and obtain analytical standard errors (which the original method does
not provide). This procedure does not allow for weighting different units. We therefore only discuss
state-level results.> While we cannot exactly replicate our triple difference models using the gsynth
method, we constructed an approximation, by using as the treated units each treated state’s 55 to 64 year
olds, and as the donor pool both every non-expansion state’s 55 to 64 year olds and every state’s
(expansion or not) 65 to 74 year olds. We present results in Appendix Figure A-3. Similar to the simpler
synthetic control method presented above, there is a large drop in amenable mortality in Full-Expansion
States in 2013; mortality in expansion states then rebounds in 2014. The poor pre-period fit is even more

pronounced with county-level data, and is driven by small counties, which have highly varying death

' We used code for this approach from Soni (2016).

% A further concern with the synthetic control approach is that it gives zero weight to most donor states and assigns positive
weights to several very-low-population states (Alaska, Maine, Wyoming) that do not otherwise seem good matches for the
Full-Expansion States. Appendix Table A-8 shows the weights on each donor state.

3 Although we could not directly use population weights within Xu’s method, we simulate doing so by repeatedly running
his procedure on bootstrapped datasets with draws weighted by population. Results, with both state-level and county-level
data, were similar to those we discuss in the text.



rates and are hard to fit even with a large donor pool. We concluded that the gsynth approach cannot be

reliably applied to our data
A2. Results for Different Demographic Groups

In this and the next two sections, we assess the effects of Medicaid expansion on mortality for
various subgroups. The demographic groups we consider are males, females, non-Hispanic blacks, non-
Hispanic whites, and Hispanics. We also consider subgroups based on education and mortality based
on cause of death. Our data has limitations for all subgroups except gender. For race and ethnicity, we
can obtain estimates of the first stage (change in uninsurance rates) only at the state level, not the county
level, due to limitations of the SAHIE data. The DD design does not explicitly use the first stage, but it
is central to assessing what coefficient magnitudes are reasonable. For education, population data is
available only for broad age groups (45-64 and 65+; 5-year average). For analysis by prior insurance
status and by income, we observe percent uninsured and percent below 138% of the FPL threshold for
full ACA expansion at the county*year level, but cannot directly study these subsamples because the
mortality data does not contain information on income or insurance.

We begin our analysis of demographic subgroups in Figure A-5 with leads-and-lags graphs of
the triple differences in amenable mortality for samples subdivided on gender and on race/ethnicity.
Most post-expansion point estimates are insignificant. The exception is non-Hispanic Blacks, who show
a post-expansion drop in mortality. However, for this subgroup, we observe non-parallel pre-treatment
trends even with the triple-difference specification; the post-expansion drop in mortality could merely
reflect continuation of those trends. Also, the first stage for non-Hispanic Blacks is not greatly different
from that for the population as a whole (Table A-3). Thus, the point estimates in Figure A-5 (around -
0.05) are not possible as true effects of Medicaid expansion.

We turn next to DD and triple-difference regression results for amenable mortality for these
subsamples, starting with demographic subsamples in Table A-3. The “all” row in Table A-3 is the same
as in text Table 2. The first column of Table A-3 shows the first-stage change in uninsurance rates for
Full- versus Non-Expansion States, in percent, for persons aged 50-64 (the closest available age match
to our main treatment sample). All first stages are small; the largest is for Hispanics at 1.5% (not
significant).

In Table A-3, a number of the DD coefficients in column (2) are significant and negative, but
significance disappears in the triple-difference specification except for non-Hispanic Blacks. However,

as noted above, these estimates are suspect due to non-parallel pre-treatment trends and implausibly large
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point estimates. We are also wary of assigning too much importance to statistically significant results
in particular specifications given the number of estimates we produced, although we did not conduct

formal Bonferroni type p-value adjustments.
A3 Variation Based on Education Level

In Figure A-6, we show leads-and-lags graphs for the triple difference in amenable mortality for
subsamples stratified on education. Low education predicts poverty and hence eligibility for Medicaid
expansion; it may also affect the mortality response to the “treatment” of obtaining Medicaid. Recall
that for these subsamples, we study persons aged 45-64, and the triple difference compares these persons
to all persons age 65+. We present leads-and-lags graphs for elementary school only; partial high school
without graduating; high-school graduate; and some college. There is no evidence of a post-expansion
decline in mortality for any subgroup, including the less-than-high-school groups.

In Table A-4, we show regression results by education level. The first row shows full sample
results. These differ from text Table 2 due to the broader age range that we use due to data limitations.
Note that in our preferred triple-difference specification, the point estimate for overall mortality is now
positive (higher mortality) and insignificant, and that Medicaid expansion predicts a significant drop in
mortality for the elderly (a placebo group). Both results cast further doubt on whether an effect of
Medicaid expansion on mortality can be reliably detected.

The first column shows the relevant first stages. The first stage is close to 4% for persons without
a high school degree, but drops to 1.5% for high school graduates with no college, and to 1% for persons
with some college. However, the non-high-school graduates are only 12% of the 45-64 age group, so
the power gained from a stronger first stage is offset by smaller sample size.

The first row shows full sample results. The second through fifth rows show effects for the four
education groups, starting with the lowest group, those with only elementary school completion, while
the other rows show successively higher education categories. All DD and triple-difference point
estimates are insignificant, consistent with the leads-and-lags graphs in Figure 5. The point estimate for

three of the four education groups, including the least educated, are positive (opposite from predicted).
A4. Variation by Primary Cause of Death

In Table A-5, we present results by cause of death, for the top 4 causes of death: cancer, diabetes,
cardiovascular causes, and respiratory illnesses, and also for HIV. Figure A-7 provides the

corresponding leads-and-lags graphs. All of these causes are within the broad category of amenable



mortality. First-stage estimates are not available with our data, because we lack data on Medicaid
insurance takeup among those with specific diseases. However, Soni et al. (2018a, 2018b) use a DiD
design based on Medicaid expansion and report a 2.4% first stage among persons with cancer diagnoses
and a 6.4% increase in early-stage cancer diagnoses. Diabetics could plausibly benefit more strongly
from Medicaid expansion given the negative correlation between income and diabetes prevalence and
evidence from the Oregon Medicaid Experiment that gaining Medicaid insurance predicts increased
diabetes diagnosis (Baicker et al., 2013). HIV is another specific condition, for which health insurance
has predicted lower mortality in previous studies (Goldman et al., 2001). However, both DD and triple-

difference coefficients are insignificant for all causes of death.
AS. Variation by Pre-ACA Uninsurance and Poverty Rates

We turn next to an effort to exploit pre-AC" A uninsurance rates and poverty levels. We cannot
measure the second stage (mortality by individual income and insurance status) from the mortality data,
so we address this source of heterogeneity indirectly at the county level. The DD specification is the
same as above; the third difference for is high-versus-low pre-ACA uninsurance rates in counties. We
compare “treated” high-uninsurance counties (the counties with the highest pre-ACA uninsurance rates,
defined so that they together contain 20% of the U.S. population) to “control” counties with the lowest
pre-ACA uninsurance rates, also containing 20% of the U.S. population; we drop all other counties. This
is similar to the analysis in Finkelstein and McKnight (2008), exploiting pre-Medicare variation in
insurance levels, and Courtemanche et al. (2017) for the ACA. The third difference for high-vs-low
poverty counties is similar: high-poverty counties (the counties with the highest poverty rates, together
containing 20% of the US. population) versus low-poverty counties (counties with the lowest poverty
rates, also containing 20% of the U.S. population); we drop all other counties. These comparisons rely
on all ACA-induced sources of health insurance expansion, rather than Medicaid expansion alone.

We present leads-and-lags graphs for amenable mortality in Figure A-8. Neither graph shows
evidence of a treatment effect. Both graphs show signs of a pre-treatment trend toward lower mortality
in the last few years prior to ACA expansion, in both high-uninsurance counties and high-poverty
counties, which does not continue in the post-expansion period and indeed reverses for the high-
uninsurance counties.

We present regression estimates in Table A-6, for the full sample and for demographic
subsamples. Data are sufficient to let us compute first-stage estimates only for the full sample and for

male and female subsamples. The first stage remain quite small. There is no evidence of significant
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effects of Medicaid expansion on mortality. For the full sample, the coefficients for both subsamples
are insignificant. For the comparison of high-vs-low uninsurance counties, the coefficient is positive
(opposite from predicted). For the demographic subsamples, five of the 14 coefficients are positive; and
the only significant coefficient is also positive.*

A6. Alternative Specifications: ATT Weights; All-Non-Elderly Adults; and Total Mortality

In Tables A-7 through A-11, we present results using a number of different specifications. Table
A-7 is similar to text Table 2, but uses the following alternative specifications: (i) ATT * population
weights (we use population weights in the text); (i1) using linear state trends; (iii) running regressions
at the state instead of the county level, with population weights); and running state-level
regressions without population weights. All triple-difference coefficients are insignificant. Figure
A-9 provides leads-and-lags graphs for amenable mortality with ATT * population weights.

To generate the ATT (average treatment effect on the treated) weights, we first average the
covariates over the pre-treatment period (2009-2013). We then run a logit regression, which predicts
whether a county is in a Full- or Non-Expansion State, using all variables in Table A-2 to generate the
fitted propensities p for each county. ATT weights are calculated as (p/(1-p)).

Figure A-10 presents leads-and-lags graphs for DD and triple differences for total mortality,
instead of amenable mortality. Figure A-10 presents leads-and-lags graphs for DD and triple
differences for non-amenable mortality.

In Table A-8, we present triple-difference results using these same alternative
specifications with each of the demographic subgroups. The significant, negative coefficient for
non-Hispanic Blacks survives in several of these specifications, but loses significance in state-
level regressions without population weights. All other coefficients are insignificant, except that
we find a significant negative coefficient for men in state-level regressions without population
weights. The sizeable differences, for several subgroups, between state-level regressions with and
without population weights confirm our initial concern that results from this specification are
sensitive to outlier results in a few low-population states. Figure A-12 provides leads-and-lags
graphs for amenable mortality for demographic subgroups, with ATT * population weights.

In Table A-9, we present triple-difference results with these alternative specifications with

each of the education subgroups. All estimated effects are statistically insignificant. Figure A-13

4 In Table A-6, we use all counties and estimate continuous versions of the comparisons in Table 6 between high and low
uninsurance (or poverty) counties, again with insignificant results.
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provides leads-and-lags graphs for amenable mortality for education subgroups, with ATT *
population weights.

In Table A-10, we present triple-difference results with these alternative specifications with
each cause of death. All estimated effects are statistically insignificant. Figure A-14 provides
leads-and-lags graphs for amenable mortality by cause of death, with ATT * population weights.

Figure A-15 presents leads-and-lags graphs for the comparison of high-versus low poverty
and high-versus low-uninsurance counties, with ATT * population weights. Figure A-16 is similar,
but the sample is all non-elderly adults.

In Table A-11, we present triple-difference results using two alternative specifications
(ATT * population weights, and comparing all non-elderly adults to all elderly adults), for each of
the demographic subgroups. There are some scattered significant coefficients, positive for women
and negative for men (with ATT * population weights) and for non-Hispanic Blacks (for the broad
age range), but no consistent results across specifications. Figure A-17 presents leads-and-lags

graphs for the comparison of amenable mortality for all non-elderly adults.

Across all tables, the scattered significant coefficients that we find are far too large in
magnitude to be true causal effects. Indeed, given our standard errors, only implausibly large

coefficients would appear to be statistically significant.



Table A-1. Medicaid Expansion States (2014-2016)

This table includes Medicaid expansions through 2016. It is based on combining and reconciling the classification of states as “full expansion,” “None,” or in-
between (“mild” or “substantial” expansion), by Simon, Cawley and Soni (2017), Lou et al. (2018), and Kaiser Family Foundation (2015). Most states could be
classified based on their rules for when and to what level they expanded Medicaid for all adults. Arizona required special care; see detailed analysis below. Because
our mortality data are annual, we consider New Hampshire to be a 2015 expansion, Alaska to be a 2016 expansion, and Louisiana to be a 2017 expansion, hence
beyond our study period.

In the “expansion details” column, “ACA Expansion” means regular expansion to 138% of FPL, on the date stated in the “Effective Date” column. In the
“inclusion/exclusion column, C = control (non-expansion), T = treatment (full expansion); other states are excluded. Simon et al. (2017) classify early expansion
states as “mild” or “substantial” expansion, based on their assessment of the extent to which enrollment increase with full Affordable Care Act expansion in 2014.
This classification of states based on expansion status is also used in Black et al. (2018) (“BHNS”). % change in uninsured enrollees (2013-20156) come from
SAHIE estimates for ages 18-64 and considering all income groups.

State Abbr. |Expansion Details Effective % change in uninsured | Inclusion/ Exclusion | Expansion type | Compare to BHNS
Date enrollees (2013-2016)
Alabama AL None 6.4 CIl.] None Consistent
Alaska AK Medicaid Expansion 09/01/2015 T [2016] None Consistent for 2014-
2015 (expanded late
6.8 2015)
Arizona’ AZ § 1115 Waiver (100% FPL, but closed {2000 T[2014] Full Consistent
to new enrollees in 2011)
ACA Expansion 01/01/2014 9.6
Arkansas® AR § 1115 Waiver 01/01/2014 T [2014] Full Consistent
12.4 Private Option
California’ CA § 1115 Waiver (LA county) 01/01/1995 Excluded Substantial Consistent
§ 1115 Waiver (200% FPL) 11/01/2010 (Early expansion)
ACA Expansion 01/01/2014 13.5
Colorado® CcO § 1115 Waiver (to 10% of FPL) 04/01/2012 8.6 T [2016] Full Consistent

5 Arizona used a § 1115 waiver to expand Medicaid coverage to childless adults up to 100% FPL during 2000-2011. In 2011, the state started to phase out that
program (transitioning into Medicaid expansion). Which category Arizona belongs in was unclear based on its rules, so we also examined the extent to which
Medicaid enrollment increased in 2014. See details below.

¢ Arkansas operated a limited-benefit premium-assistance program for childless adults who worked for small uninsured employers (ARHealthNetworks waiver)
prior to the ACA. Arkansas’s Medicaid expansion includes a “private option” under which Medicaid-eligible persons receive health insurance from the state
insurance exchange, with a small monthly premium.

7 California expanded Medicaid in 2010-2011, in selected counties.



State Abbr. Expansion Details Effective % change in uninsured | Inclusion/ Exclusion | Expansion type | Compare to BHNS
Date enrollees (2013-2016)
ACA Expansion 01/01/2014 T [2014]
Connecticut’ CT State Plan Amendment (56% FPL) 04/01/2010 Excluded Substantial Consistent
ACA Expansion 01/01/2014 6.4 (Early Expansion)
Delaware'? DE ACA Expansion 01/01/1996 Excluded Mild Consistent
01/01/2014 5.1 (Early Expansion)
District of DC State Plan Amendment (133% FPL) 07/01/2010 Excluded Mild Consistent
Columbia! § 1115 Waiver 12/01/2010 (Early expansion)
ACA Expansion 01/01/2014 4.2
Florida FL None 10.4 Cl] None Consistent
Georgia GA None 76 Cl] None Consistent
Hawaii'? HI ACA Expansion 08/01/1994 Excluded Substantial Consistent
01/01/2014 4.6 (Early expansion)
Idaho 1D None ) CIl.] None Consistent
Illinois IL ACA Expansion 01/01/2014 92 T [2014] Full Consistent
Indiana IN § 1115 Waiver 02/01/2015 T [2015] Full Consistent
8.5
Towa'3 1A § 1115 Waiver 01/01/2014 T [2014] Full Consistent
5.8
Kansas KS None 52 Cl.] None Consistent
Kentucky KY ACA Expansion 01/01/2014 137 T [2014] Full Consistent
Louisiana LA ACA Expansion 07/01/2016 9.0 CIl.] None Consistent
Maine ME None 4.2 Cl] None Consistent
Maryland MD  |ACA Expansion 01/01/2014 58 T [2014] Full Consistent

9 Connecticut, elected to enact the Medicaid expansion in 2010 through a state amended plan at 56%. Connecticut expanded its Medicaid program fully in 2014.
19 In Delaware, childless adults with incomes up to 100% FPL were eligible for Medicaid through the Diamond State Health Plan waiver, effective on 01/01/1996.
"' DC expanded its Medicaid program at 133% of FPL in 2010.

12 In Hawaii, childless adults with incomes up to 100% FPL were eligible for the state’s QUEST Medicaid managed care waiver program, effective on 08/01/1994.

13 Under the TowaCare program, childless adults with income below 200% FPL were eligible for health insurance since 2005. However, lowaCare provided
limited services in a limited network, so low-income adults in lowa received a substantial coverage expansion in 2014 (Damiano et al., 2013). During 2014-
2015, Towa residents with income < 100% of FPL were enrolled in Medicaid managed care plans, while those with income of 100-138% of FPL received private
insurance obtained through the Iowa health exchange, with premiums waived (a partial “private option”). See https://www.medicaid.gov/Medicaid-CHIP-
Program-Information/By-Topics/Waivers/1115/downloads/ia/Market-Place-Choice-Plan/ia-marketplace-choice-plan-state-term-app-

06012016.pdf...




State Abbr. Expansion Details Effective % change in uninsured | Inclusion/ Exclusion | Expansion type | Compare to BHNS
Date enrollees (2013-2016)

Massachusetts'*  [MA “Romneycare” 04/12/2006 Excluded Mild Consistent

ACA Expansion 01/01/2014 1.7
Michigan MI ACA Expansion 04/01/2014 85 T [2014] Full Consistent
Minnesota'® MN State Plan Amendment (75% FPL) 03/01/2010 Excluded Substantial Consistent

§ 1115 Waiver (200% FPL) 08/01/2010 (Early Expansion)

ACA Expansion 01/01/2014 5.6
Mississippi MS None 73 Cl] None Consistent
Missouri MO § 1115 Waiver (St. Louis County Only) [07/01/2012 Cl] None Consistent

(200% FPL)

None 5.7
Montana MT ACA Expansion 01/01/2016 T [2016] None Consistent for 2014-

2015 (expanded in
11.5 2016)
Nebraska NE None 4.1 Cl] None Consistent
Nevada NV ACA Expansion 01/01/2014 11.2 T [2014] Full Consistent
New Hampshire'® |NH § 1115 Waiver 08/15/2014 T [2015] Full Consistent
7.0

New Jersey!” NJ § 1115 Waiver (23% FPL) 04/01/2011 T [2014] Full Consistent

ACA Expansion 01/01/2014 7.4
New Mexico NM  |ACA Expansion 01/01/2014 13.8 T [2014] Full Consistent
New York'® NY § 1115 waiver 10/01/2001 Excluded Mild Consistent

ACA Expansion 01/01/2014 6.7 (Early expansion)
North Carolina NC None 7.4 Cl] None Consistent

14 Massachusetts implemented reforms to expand insurance coverage to low-income adults in 2006.

15 Minnesota conducted early expansion in 2010 two ways. Persons with income < 75%FPL were insured through Medical Assistance Medicaid, funded through
a State Plan Amendment, persons with income from 75~200% of FPL were insured through MinnesotaCare, funded through a § 1115 Waiver, which had limited

benefits and cost-sharing.

16

New Hampshire implemented a “private option” (mandatory purchase of subsidized private insurance, instead traditional Medicaid, in 2016.

https://www.medicaid.gov/Medicaid-CHIP-Program-Information/By-Topics/Waivers/1115/downloads/nh/health-protection-program/nh-health-

protection-program-premium-assistance-appvl-amend-req-06232015.pdf.

17 New Jersey’s expansion in 2011 only extended to 23% FPL; we therefore treated it as a full expansion state.

18 In New York, childless adults up to 78% FPL were eligible for the Medicaid (Home Relief) waiver program and childless adults up to 100% FPL were eligible
for the Family Health Plus waiver program (Heberlein et al., 2011).
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State Abbr. |Expansion Details Effective % change in uninsured | Inclusion/ Exclusion | Expansion type | Compare to BHNS
Date enrollees (2013-2016)
North Dakota ND ACA Expansion 01/01/2014 6.0 T [2014] Full Consistent
Ohio OH ACA Expansion 01/01/2014 81 T [2014] Full Consistent
Oklahoma OK None 53 CIl.] None Consistent
Oregon OR" |ACA Expansion 01/01/2014 12.2 T [2014] Full Consistent
Pennsylvania PA ACA Expansion 01/01/2015 6.2 T [2015] Full Consistent
Rhode Island RI ACA Expansion 01/01/2014 10.5 T [2014] Full Consistent
South Carolina SC None 8.1 CIl.] None Consistent
South Dakota SD None 2.9 Cl] None Consistent
Tennessee TN None 6.8 Cl.] None Consistent
Texas X None 75 Cl.] None Consistent
Utah UT None 6.9 Cl] None Consistent
Vermont VT2 |§ 1115 Waiver 01/01/1996 Excluded Mild Consistent
ACA Expansion 01/01/2014 4.7 (Early expansion)
Virginia VA None 53 Cl] None Consistent
Washington?! WA § 1115 Waiver (133% FPL) 01/03/2011 T [2014] Full Consistent
ACA Expansion 01/01/2014 11.1
West Virginia \\VAY% ACA Expansion 01/01/2014 12.8 T [2014] Full Consistent
Wisconsin?? WI New eligibility for BadgerCare but not 2009 Excluded Substantial Consistent
ACA Expansion 5.5
Wyoming WY |None 3.6 Cl] None Consistent

19 In 2008, Oregon enacted a small Medicaid expansion for low-income adults through a lottery among applicants. However, less than one-third of the 90,000
people on the waitlist were selected to apply for Medicaid in 2008 (Baicker et al., 2013), some of the denied applicants were then enrolled in 2010. We treat
Oregon as full expansion due to the small size of this earlier expansion.

20 In Vermont, childless adults up to 150% FPL were eligible for Medicaid equivalent coverage through the Vermont Health Access Plan waiver program (Heberlein
et al., 2011). Vermont Health Access Plan (Sec. 1115 waiver) was approved in 1995 and effective in 1996.

21 Washington’s early expansion was limited to prior state plan enrollees (Sommers et al., 2013).

22 Wisconsin received federal approval to offer Medicaid to childless adults below 100% FPL through the BadgerCare program as of 2009 (Gates & Rudowitz,
2014); it did not formally adopt ACA expansion in 2014 and kept the income threshold at 100% FPL.



Arizona Details for Table A-1

Arizona had a S.1931 program providing Medicaid up to 106% FPL for parents. It also had a limited program for
childless adults, under a § 1115 waiver, starting in 2001, which was closed to new entrants since 2011.2> Whether to
treat Arizona as a full expansion state or an early expansion state turns on how many childless adults were still covered
at the ACA onset in 2014, given churn in eligibility. The tail off in hospital admissions with Medicaid payment, and
jump at the start of 2014 (with uninsured admissions showing the opposite pattern), persuades us that Arizona should
be treated as a regular expansion state.
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Table A-2. Covariate Balance for Full-Expansion and Non-Expansion States

Table shows summary statistics for county-level covariates and mortality for Full-Expansion and Non-Expansion
states during pre-expansion period (means over 2009-2013), using county population weights. #-statistics use two-
sample #-test for difference and robust standard errors with state clusters. Normalized difference is a sample-size
independent measure of the difference between two means, scaled by standard deviation):

= = 2 2 1/2 . .
NDj =( X, — xjc) / [(sz + sjc) /2]'*. State groups are defined in Table A-1. Mortality rates are per 100,000

persons. Dollar amounts are in 2010 $.

Full-Expansion Non-Expansion Difference t- Normalized
States States stat Difference
@ 2) 3 @

% age 0-19 23.36 24.35 1.11 -0.30
% age 18-34 22.74 23.42 1.40 -0.15
% age 35-44 12.94 13.11 0.71 -0.11
% age 45-54 14.53 13.98 2.32 0.40
% age 55-64 12.56 11.81 2.05 0.36
% age 65-74 7.56 7.48 0.16 0.04
% age 75-84 4.38 4.19 0.52 0.13
% age 85+ 1.94 1.66 1.53 0.32
% Male 49.21 49.13 0.47 0.04
% White 82.91 77.43 2.19 0.36
% Black 11.42 18.16 2.61 -0.49
% Other Races 5.67 4.41 1.35 0.15
% Hispanic 11.44 16.33 0.87 -0.38
% In Poverty 14.67 16.89 2.75 -0.36
% Managed Care Penetration 24.55 22.99 0.42 0.15

% Disabled (ages 18-64) 16.31 17.57 1.29 -0.20
Mean Per Capita Income 40,208 37,537 1.72 0.31

Median Household Income 51,691 47,122 1.81 0.44
Unemployment Rate, 16+ 8.84 8.28 1.12 0.20
% with Diabetes 8.85 9.72 2.45 -0.46
% Physically Inactive 22.89 24.70 1.85 -0.40
% Obese 27.95 29.11 1.16 -0.28
% Smoker 21.96 21.71 0.27 0.06
Physicians/1,000 people 3.10 2.65 2.88 0.27
% Uninsured (ages 18-64) 18.68 24.96 3.36 -1.09
Amenable Mortality (all ages) 510.52 481.21 0.90 0.18
Amenable Mortality (ages 55-64) 575.22 623.78 1.86 -0.24
Non-amenable Mortality (all ages) 345.28 341.33 0.20 0.04
Non-amenable Mortality (ages 55-64) 278.85 309.76 2.50 -0.30




Table A-3: DD and Triple-Difference Estimates: Different Demographic Groups (ages 55-64)

First column shows annual averages over 2009-2016 for number of deaths and population in millions. Of the full
sample (28.8M people), 14.5M were in expansion states. Second column shows mortality rate for persons aged 55-
64 for indicated groups. Third column shows first-stage DD estimates of change in uninsurance rates (in percent)
from 2013 to 2016 for indicated demographic subsamples, for persons aged 50-64, from regression of percent
uninsurance on Full Expansion dummy, with state and year FE and state population weights, using state-level SAHIE
data (best available), and same covariates as the DD and triple difference regressions. Remaining columns show
coefficients from DD or triple difference regressions on Full-Expansion dummy or, for triple difference column, full-
expansion dummy * age 55-64 dummy, from county-level regressions with county-and year FE and population
weights, similar to Table 2, for /n((amenable mortality/100,000 persons)+1) over 2009-2015. Standard errors use state
clusters. *.** *** indicates statistical significance at the 10%, 5%, and 1% levels, respectively; significant results at
5% level or better in boldface.

Demographic Ann. Deaths Mortality First stage (%) DiD DiD Triple diff.
Subsamples (Pop. in M) rate 50-64 yrs 55-64 yrs 65-74 yrs :
a ) 3) ) 3) (©)
All Amenable 174,379 605.3 1.113%* -0.018+** -0.008 -0.004
(28.8) (0.452) (0.008) (0.006) (0.008)
Male 105,465 759.8 0.692 -0.018* -0.004 -0.004
(13.9) (0.747) (0.010) (0.008) (0.010)
Female 68,914 461.7 0.936 -0.020%*  -0.016* 0.004
(14.9) (0.705) (0.009) (0.009) (0.012)
. . . 129,542 589.8 1.130%* -0.015* -0.011* -0.003
White (Not Hispanic) (22.0) (0.490) 0.008)  (0.007)  (